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2. AtO|E & (Sidewall)
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4. HE (Belt)
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7. O|H2}0|Y (Inner Liner)
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o1 AAA 205/55R16 205 55 16 SL 6.5 60.0 2.14 492 SOT 627 221 A123 5.51
02 BBB 215/45R18 215 45 18 SL 7.0 60.0 2.14 520 SOT 647 185 A123 6.52
03 CCC 225/35ZR19 | 225 35 18 SL 7.0 60.0 2.14 420 TOS 633 189 B123 7.13
04 DDD 195/55R16 | 195 55 16 SL 6.0 600 | 2.14 492 SoT 617 215 B123 6.7
On EEE 225/55R16 225 55 16 SL 6.5 60.0 2.14 552 TOS 649 240 Cc123 6.85
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o1 AAA 205/55R16 205 55 16 SL 6.5 60.0 2.14 492 SOT 627 221 A123 5.51
» o2 BBB 215/45R18 215 45 18 St 70 60:0 214 520 SOF Nan 185 A123 Nan
AL . o AL .
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Etojoj 37| | & | ®WH | € 37| Cord Name | EPI | Thickness | Compound
205/55R16 205 55 16 AAA 20 0.9 CcCcC
215/45R18 215 45 18 BBB 23 1.2 DDD
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Random Forest Light GBM Decision Tree SVM
RA2 0.951 0.940 0.856 0.917

* Hyper Parameter & HZ&5l0] Z[& RA2 : 0.960

s+ Beta Test
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